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3 Get digital, go human

technological trend where many aspects of our (business) life 
are turned into data. Data on locations, buying behavior (POS 
and website traffic) or from sensors create new opportunities 
to develop supply chain performance. Companies are investing 
considerable amounts in getting digital; According to Automotive 
World, Mercedes-Benz is investing a double-digit million amount 
to transform its Berlin-Marienfelde plant in Germany into a 
campus for developing, testing, and implementing pioneering 
software applications for its global production network. 
Heineken implements an automated demand planning tool in 
five of its largest operating companies. In a Wall Street Journal 
article Proctor and Gamble stated that they consolidated 
hundreds of offices and warehouses across North America, 
these are replaced by so-called mixing centers, where computer 
algorithms work with robots and humans to load trucks with 
the optimal mix of products to ship to retailers. Supply chain 
planning is a field where we see the full application of digital 
technologies like Artificial Intelligence using (large) data sets. It 
is predicted that the global Artificial Intelligence in supply chain 
market grows to a USD 10 billion market in 2025 (Data Bridge 
Market Research, 2021). 

The key question to be answered in this white paper is 
to what extend the digital divide improves supply chain 
planning and forecasting processes and what is required 
to make it happen? 

In this white paper, we will assess the impact of digital 
technologies on supply chain planning. We will show that 
introducing digital technologies reduces data latency, leading 
to a faster response to changed supply and market conditions, 
and improves the quality of all planning processes. From our 
experience, the introduction of digital technologies alone is not 
sufficient to improve performance. It also requires process, data, 
culture, people, and organizational changes. 

1  The digital world

After the first industrial revolution in the late 18th century, 
computers and other digital advances are responsible for the 
next industrial revolution (Brynjolfsson and McAfee, 2014). We 
are living in an age of astonishing progress empowered by digital 
technologies. This has entered our personal lives: WhatsApp, 
Snapchat, and Instagram have changed the way we interact; the 
impact on the way we organize travel by using Airbnb, booking.
com and Uber is undeniable, and Spotify and Netflix have really 
changed the music and video industry. 

The key driver behind all these developments is the huge 
progress in computing power. This is enabled by the 
semiconductor industry and is also referred to as Moore’s 
law (Moore, 1965) - the principle that processing power 
of computers will double every two years. Moore states 
that “Integrated circuits will lead to such wonders as home 
computers—or at least terminals connected to a central 
computer—automatic controls for automobiles, and personal 
portable communications equipment. The complexity for 
minimum component costs has increased at a rate of roughly a 
factor of two per year. . .. Certainly, over the short term this rate 
can be expected to continue, if not to increase. Over the longer 
term, the rate of increase is a bit more uncertain, although there 
is no reason to believe it will not remain nearly constant for at 
least ten years”. The improvements in computing power have 
enabled technological innovations to make quantum leaps.

Machines have made jobs obsolete for centuries. The spinning 
jenny replaced weavers, buttons displaced elevator operators, 
and the internet drove travel agencies out of business. The 
replacement of humans by machines may pick up more speed in 
coming period. Robots could replace as many as 2 million more 
workers in manufacturing alone by 2025, according to a recent 
paper by economists at MIT and Boston University.  

The fuel to many of these advancements is the availability 
of data. We see more data floating around these days than 
ever before (Schonberger and Cukier, 2013).  Datafication is a 

The digital world
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Supply chain planning is a set of decision-making processes to 
balance demand and supply, to integrate financial planning and 
operational planning, and to link high level strategic plans with 
day-to-day operations. It is the process of planning a product 
from raw material to the consumer, starting with the creation of 
a demand forecast capturing potential sales to the customers. 
Based on the agreed consensus forecast the operations 
department develops a time phased supply plan. The full process 
includes amongst others supply planning, production planning, 
inventory management, forecasting and demand planning, and 
sales and operations planning. 

Figure1: Planning hierarchy (after Stadler et al. 2005).

The decision-making process can be decomposed according 
to the horizons considered and a common classification is 
to separate decisions into strategic, tactical, and operational 
decisions. Short time frames, over which production scheduling, 
sales order management and inventory management are 
addressed, characterize operational planning. In general, 
the degree of freedom for management to really change the 
course of the company is limited, the focus is to optimally use 
the installed infrastructure to satisfy customers. Decisions on 
the tactical horizon are related to the question whether the 
company is still on track for its strategy and if corrective actions 
are required. This is related to the development of the market 
in which the company delivers components, the status of 
development projects, potential business scenarios, customer 
plans and resource/capacity adaptations. In highly volatile 
cyclical markets the outcome of this process largely determines 
a company’s success. In this planning cycle decisions must be 
taken on resource allocations such as: are engineers working on 
the correct products, are correct customers being targeted, are 
correct capacities installed in manufacturing sites, are correct 
promotions planned, does this deliver the expected financial 

value (Aertsen, 2007). Typically, decisions taken in the strategy 
planning process have a long-term focus and concentrate on 
the markets the company wants to compete on, technologies, 
customer priorities, required organizational set-up and required 
investments in the company’s infrastructure. The impact of 
strategic decisions can only be seen in the long-term.

In a much-cited article, McKinsey has introduced the concept of 
no-touch planning where “In this digital environment, monthly 
or weekly planning cycles—driven not by the needs of the 
business but by the capacity of planning teams— become a 
thing of the past. Instead, no-touch, fully automated planning 
enables a continuous, seamless closed-loop cycle of planning 
and re-planning, increasing accuracy and efficiency both for 
the company and its customers” (Ignacio Felix, et al., 2018). 
Automation holds the promise of increased efficiency and an 
improved quality of forecasts, plans and decisions through 
mining large amounts of data to discover new insights that were 
previously inaccessible. To what extent is this going to be reality?

Let us go a decade back in time – in 2007 an MIT study indicated 
that autonomous driving will be highly unlikely! But let us 
look at the current reality; Artificial Intelligence and Machine 
Learning have allowed car manufacturers to get closer to 
turning driverless cars into a reality. But, what about the supply 
chain planning? Is a self-driving supply chain utopic or a nearby 
reality? Recent research by EyeOn (2019) within a sample of 23 
Consumer Products companies shows that automation is already 
established in supply chain planning, but more importantly, there 
is clear view that the level of additional automation will increase.

Figure 2: Level of automation on planning.

No-touch planning

2  No-touch planning
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2  No-touch planning

Building the self-driving supply chain

Over the last 350 years the German Merck KGaA has 
developed into a global manufacturer of pharmaceuticals 
and chemicals. Merck Healthcare has started a 
transformation program to leverage digital solutions 
to improve patient lives. The vision is to create an 
autonomous supply operation where computers 
make more decisions about allocating materials and 
distributing products.

Wall Street Journal (December 2016)

In recent decades, companies have implemented enterprise 
software solutions like ERP (Enterprise Resource Planning) 
and APS (Advanced Planning System) systems to support and 
automate supply chain processes. So, what is different? In short, 
more data and increased computing power drive the ability to 
further automate supply chain planning processes.

Figure 3: Data latency (Bodenstab, 2015).

Day by day demand changes rapidly; promotions or new 
products by competitors, negative product reviews by 
consumers, increasing stock in-trade heavily impact demand. 
Let us look at an example, a product has been launched to the 
market (business event). After the launch you start capturing 
relevant data like stock at the retailer (capture latency), it 
takes some time to process and analyze this data (analysis 
latency) before a real decision on corrective actions can be 
made (decision latency). The success of a new product can be 
evaluated immediately after the product launch by collecting 
consumer reviews. Life is what happens to you while you are 
busy making other plans, the day a forecast has been made and 
submitted in the S&OP process the underlying assumptions have 
changed and the forecast becomes redundant. Getting to a grip 
with this data latency is one of the key requirements to leapfrog 
planning performance.

Planning has become a complicated process, involving numerous 
systems, managers, and executives. By nature, involving the 
human mankind in planning leads to the introduction of 
cognitive bias. A cognitive bias is a systematic error in thinking 
that occurs when people are processing and interpreting 
information in the world around them and that affects the 
decisions and judgments that they make. Well known biases 
include anchoring (relying too much on the initial piece of 
information), the ostrich effect (avoiding negative financial 
information by pretending it does not exist) or the status quo 
bias (preferring the current situation over change). Cognitive 
biases may lead you to draw conclusions based, not on evidence, 
but on a particular predisposition of your mind. Using data as 
‘objective’ countermeasure is seen as a proper remedy against 
the hardcoded biases. 

In summary, using data and automating decision processes help 
to reach better decisions, faster and more efficient.

Figure 4: Cognitive Bias.
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3  Processes at the core

Undeniably, analytics is changing forecasting and planning 
processes – but quite some water must pass under the bridge 
before companies will get to full no-touch planning. Considerable 
investments are being made to enable the digital transformation 
in the planning domain. Examples mentioned in the 
practitioners’ journals are often from Apple, Amazon, or Google, 
or from companies that reinvented their industry like Booking.
com, Netflix, or Uber. But getting digital also works for other 
companies. We see many great initiatives being started also in 
less well-known companies. In this section we will share some of 
our real-life use cases where using data and analytics has proven 
to beneficial for supply chain performance.

In the field of forecasting and demand management we already 
experience nice examples of using advanced models with 
external data. Forecasting is typically done using a time series of 
data, based on the sales numbers of the last months or years, 
projections are made of what will occur in the future, typically 
using time series models like Moving Average, Exponential 
Smoothing and Croston. The latest M4 competition has shown 
that the application of these traditional models in combination 
with Machine Learning techniques yields the best accuracy 
(Makridakis et al. 2018). When additional internal and external 
data is available demand modelling can be applied. Historical 
demand is decomposed using internal and external factors 
like weather, competitive actions, stock in trade, the way the 
product is displayed in the store (end-of-aisle versus on-shelf). It 
determines how each factor impacts demand to predict future 
demand.

Figure 5: Demand modelling.

It is often assumed that the use of external data is mainly 
reserved for B2C companies. However, we see a considerable 
amount of use cases in B2B companies. A manufacturer of 
isolation materials uses macro-economic indicators to predict 
demand 1 ½ years out, a semiconductor company applies 
Machine Learning techniques and data from their customers (sell 
out and stocks) to improve the quality of their demand forecast. 
By applying these advanced techniques, the semiconductor 
company is able to improve the accuracy with more than 8%.  

When the impact of the real demand drivers is known, the sales 
department can start shaping future demand by applying what-if 
analysis or scenarios based on the parameters of the models to 
optimize the financial value of the full plan. What happens when 
we increase our marketing budget in France by € 100k, launch 
the new product earlier in Germany and launch an additional 
promotion with Wal-Mart? 

Processes at the core

Using drivers to predict demand.

A leader in food and beverage products launched 
a project to improve forecast of promotional sales 
considering relevant drivers (display type in-store, price 
mechanism, holidays, etc.). The causal models showed 
a bias improvement of more than 2% and a forecast 
accuracy improvement of 5% (at week level).  The focus 
of the demand planning team moved to value added 
activities and well-prepared discussion with the key 
account managers optimizing promotional effectiveness. 
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3  Processes at the core

Supply planning and responding to changed market or supply 
circumstances also brings benefits. Having insight in the actual 
status of products allows for quick scenario modelling and 
corrective actions. For example, a container ship stuck in the 
Suez Canal might lead to availability issues. The disruption can be 
spotted when it arises and transmitted to the simulation model 
as a disruptive event. The simulation shows the quantity impact 
in the supply chain and which customers will be impacted.  
Different scenarios or contingency plans can be developed and 
deployed. E.g., redeploying inventory to the impacted country or 
customer, or considering an alternative supply network. 

Data from sensors help in developing predictive maintenance 
schedules leading to more accurate time phased capacity 
statements. Since we will have less unexpected machine 
breakdowns, supply planning will become more reliable leading 
to an improved schedule adherence. 

Traditional APS systems present quite a lot of exception 
messages to the planner. Many of these exception messages are 
managed in the same way time after time. Machine Learning 
techniques enable the automation of the exception handling 
process, the planner only must focus on the real exceptions. It 
is even better to prevent these omissions happening, important 
master data fields like lead times or batch sizes are often not 
well-maintained. For a pharmaceutical company we have been 
mining all movements in their ERP system to automatically 
determine correct lead times or batch sizes. This keeps 
planning parameters in sync with reality (using all relevant ERP 
transactions) leading to more reliable plans from the APS. 

Companies are really taking steps in automating planning 
processes towards smart-touch planning:
• AUTOMATE the obvious.
• RECOMMEND the probable.
• FLAG where human intervention is required.
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4  Make it happen!

Make it happen!

Moving to smart-touch planning requires investments in various 
areas. Clients launch projects to discover the added value of 
analytics in planning by among others, increasing staff with 
the right digital skill set, implementing new advanced planning 
systems and ways to collect, store and improve large data sets. 
It not only comes down to implementing technology, but it also 
requires a large investment in people.

Figure 6: 5 Key dimensions.

Excellent data
From several EyeOn events and projects it became clear that 
having excellent data is the key enabler for further automation 
of planning processes. Data includes internal data like customer 
orders and promotion drivers of past promotions, customer 
data like sell out and inventory levels and external data like 
web scraped customer reviews, competitor sales prices and 
macro-economic indicators. Data comes from different angles 
(marketing, sales, product development, manufacturing). Data 
democratization refers to the fact that everybody has access 
to data and there are no gatekeepers that create a bottleneck 
to assess data. The objective is to have anybody use data 
at any time to make decisions with no barriers to access or 
understanding.

Bring all data together and ensure analytics and planning can 
happen on the same platform. Cross-functional and collaboration 
between companies is easy when all stakeholders are singing 
from the same hymn sheet. This visibility can be expanded to 
your suppliers, logistics providers, retail channel partners and 
customers so you can start getting signals of unusual events that 
will impact your plans. 

You need to accept that data will never be 100% clean, 
consistent, and well maintained. Efforts should be made to 
improve data quality since this is essential in driving automation. 
Using this data in dashboards and analytics solutions that are 
used in processes like the S&OP process will automatically drive 
data improvements.

Data accuracy for multi-echelon inventory optimization

A flavors and fragrances company launched a multi-
echelon inventory optimization project in their 7-stage 
supply chain. One of the key success factors for the 
project, where others have failed, is that the data quality 
was at the right level at the start of the project. This high 
data quality was the result of a 5-year-long, board-driven, 
and globally supported effort to improve data quality 
and create a single source of truth for all supply chain 
relevant data. Having high-quality data in place at the 
start of improvement projects like these, significantly 
increases the chances of success. This project 
demonstrates the importance of a corporate vision on 
the data landscape, and C-level drive to make it a reality.

Figure 7: Status collecting data.

A digital supply chain twin or digital core is a model that 
represent the network state for any given moment in time and 
allow for complete end-to-end supply chain visibility to improve 
resilience and test contingency plans (Ivanov, 2020).  A digital 
twin represents the current state of a supply chain, with the 
actual transportation, inventory, demand, and capacity data. 
For example, if there is a strike at an international logistics hub, 
this disruption can be spotted by a risk data monitoring tool 
and transmitted to the simulation model as a disruptive event. 
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4  Make it happen!

Then, a simulation in the digital twin can help show disruption 
propagation and quantify its impact. In addition, the simulation 
enables efficient recovery policy testing and the adaptation 
of contingency plans according to the situation – for example, 
reconsidering alternative network topologies and back-up routes 
on-the-fly.

Figure 8: Digital twin example.

High quality analytics
Applying Machine Learning and Artificial Intelligence in planning 
is propagated as the way forward to unleash the strategic value 
of data to transform business processes. On top of the data 
layer an intelligence layer can be added. Intelligence can come 
in different shapes and sizes. Diagnostic alerts help to focus on 
what needs immediate attention like out of stock at specific 
locations. Predictive alerts help to prevent issues from arising, 
for example by predicting out of stock situations. Prescriptive 
insights generate proposals how to respond to expected issues, 
for example in case of an expected product shortage several 
alternative solutions are presented. As a next step also decision 
making can be automated. There are two different approaches:. 
First, fully automated decision making without human 
intervention. A nice example is the navigation system in your 
car adapting the route based on the latest traffic information, 
or one step further, self-driving cars. Advocates state that these 
will lead to less accidents because the car is faster in recognizing 
problems and deciding based on these changed circumstances. 
The second area is augmented decision making or decision 
support where the ‘machine’ makes a proposal, but humans are 
still in charge of taking the final decisions. In the medical world 
the doctor gets a proposal but stays accountable for the final 
decision.

Figure 9: Levels of demand planning automation.

To what extent do we currently see (semi-)autonomous decisions 
in the S&OP process? The level of decision automation is 
currently low (1.1 on a 5-point scale) while respondents to the 
EyeOn Analytics benchmark see possibilities to automate 50% of 
the decisions (Figure 10).

Figure 10: Current level of S&OP decision automation.

Artificial Intelligence and Machine Learning are presented as 
the panacea to many problems and are expected to continue 
their rapid advancement and deployment. Artificial Intelligence 
is the study of “intelligent agents”, any device that perceives 
its environment and takes actions that maximize its chance of 
successfully achieving its goals, includes all applications that 
mimic human intelligence. Machine Learning incorporates 
algorithms and statistical models that computer systems use 
to perform a specific task without using explicit instructions, 
relying on patterns and inference instead. It is seen as a subset 
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In the first planes cockpits were developed based on the notion 
that a pilot knows the plane and the way it is handled (Human 
Machine Interaction). When computers made their entrance in 
the cockpit (on an airplane such as the A-320 there are almost 
190 computers located in almost every area of the fuselage) the 
pilot was surrounded by displays (Human Computer Interaction 
– comparable to the current way of working for many planners). 
In the most recent plane, the cockpit is designed around the pilot 
(Human Machine Engineering and/or Human Machine Design). 
The core of this approach is that the focus should be on human-
centered design; in other words, the final user – with his/her 
mental patterns activated in real scenarios – is regarded as the 
core. Moving from computer centric to human (planner) centric.

Figure 12: Planner centric tools.

4  Make it happen!

of Artificial Intelligence. Machine Learning is often classified in 
supervised, unsupervised, and deep learning (see figure 11).

We see quite a few applications of Machine Learning techniques 
in demand forecasting. When forecasts are created using 
traditional statistical models you run the risk that they do not 
adapt to the historical demand. Machine Learning algorithms will 
learn the relationship from a training dataset and use these to 
predict the future (Vandeput, 2018). 

Application enabled 
Digital transformation is defined as the approach by which 
companies drive changes in their business models and 
ecosystems by leveraging smart technologies. In planning this 
means that the system landscape should provide:
• the latest technologies and algorithms to the planner
• clever tools to automate non-value adding work
• a planner centric environment

A planner must work in multiple applications to fulfill his/her 
planning job. The APS systems allow him/her to collaborate 
with his/her sales colleagues and to propagate the final 
agreed demand plan to the supply network planner. The ERP 
system gives insight in the latest order status information, 
the CRM system provides information on the sales pipeline, 
visualization tools like PowerBi and Tableau are used for analysis 
and reporting and analytics systems like R or Python to run 
more advanced analytics jobs. For the development of the 
planning application landscape a parallel can be made with the 
development of the cockpit in an airplane.

Figure 11: Machine Learning classified.
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4  Make it happen!

But how to get there? New technologies allow improvements to 
be made while companies have heavily invested in their ERP and 
APS landscape. In the last years, there has been a boom of new 
tools and platforms:
• Industry focused solutions: By targeting a specific area, niche 

players have created differentiated solutions to compete 
with the broad SAP approach. The OMP solution for the 
pharmaceutical industry or Quintiq in the process industry are 
well known examples.

• State-of-the-art technologies at the core: Technological 
developments in areas like Machine Learning or Artificial 
Intelligence are embedded to make recommendations and 
speed up decision making processes. Companies like O9 and 
Aera are mentioned by MIT Sloan Management Review for 
having more AI and Machine Learning capabilities. 

• Easy connectivity with internal and external sources of 
information: The ability to easily integrate other sources of 
information in the data models allows for faster deployment 
and facilitates system architecture integration.

Implementing a new APS system might be costly and time 
consuming, especially when the company recently implemented 
a new APS system. Alternatively, a data science technology 
platform will do the trick in combination with your current APS 
system. Platforms like Alteryx, DataIku, Databricks or Google 
Cloud allow, in combination with the skills of your data scientist 

for advanced analytical capabilities. For example, advanced 
statistical models for forecasting or determination of safety 
stock parameters can be modelled using R or Python and being 
interfaced to SAP APO DP. Using applications like R Shiny, Django 
or FastAPI deliver web applications as a user interface to your 
planner. This allows fast implementation of new algorithms in 
the landscape of the planner without going through long change 
procedures in the traditional APS world. An example of this 
landscape is shown in figure 13.

Organizational readiness
Although smart touch seems to imply that humans are to a 
large extend out of the equation, the opposite is true; we need 
people. Implementing intelligent applications does not digitally 
transform anything if the people that are supposed to use that 
software cannot do so effectively. 

Planners can be found in a wide range of functions like demand 
planning, inventory planning, supply network planning 
and production or distribution planning. Planning systems 
automatically generate demand forecasts and supply plans. To 
generate proposals, the planners must perform a lot of manual, 
tedious processes to update master data or perform manual data 
inspection activities. Automation in planning shifts the role of 
the planners from being highly transactional to adding value by 
focusing on the real exceptions.

Figure 13: Planning architecture.
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As a result, organizational challenges arise, like how to attract 
and retain the correct staff, how to organize the analytics 
department and how to educate the remaining staff. Companies 
will need trainers (teaching the algorithms how to perform), 
explainers (elucidate the outcome of the machine to the 
non-expert users) and sustainers (assure that the machines 
are functioning properly, safely, and responsibly) (Wilson and 
Daugherty, 2018). The trainers master sophisticated statistical 
models and AI /ML engines, where new (groups of) functions 
are created with sexy names like analytics skunk works groups 
or data ninjas. Make sure you do not pigeonhole your data 
scientists and make boundaries between business and data 
scientist porous.

But what about those that are left behind? Your colleagues that 
must work with the machines? A large part of the project budget 
at one of our clients with the autonomous supply chain as a goal, 
goes into appointing digital champions and the creation of a 
digital academy to train the operations and supply chain staff to 
be able to cope with the requirements of the digital era. 

Data driven culture 
Having data and analytics and still not relying on it? Let us look 
at the primary objective of planning - making accurate decisions 
quickly, efficiently and based on the best possible information. 

4  Make it happen!

Ultimately, a company’s value is just the sum of the decisions 
it makes and executes. Findings from the EyeOn Analytics 
benchmark (2019) show that decision making in the S&OP 
process is still based on personal knowledge or simple analytics. 

Figure 15: How to make decisions?

Research from Gartner (Logan, 2020) indicates that have a data-
driven culture is critical to data and analytics success. Countless 
papers, especially from consultants, stress the importance of 
data driven decision making (Banker, 2021 and Waller, 2020) 
but hardly answer the ‘how’ question. To find an answer to the 
‘how’ question, it is necessary to understand the bottlenecks 
preventing decision makers to rely on data and analytics.

Figure 14: Changing role of the planner.



13 Get digital, go human

4  Make it happen!

Some authors state that relying on data is less an issue when 
digital natives enter the boardroom. Digital native describes 
a person, generally born after 1980, who has grown up in the 
digital age, in close contact with computers, the Internet, and 
video game consoles, mobile phones, social media, and tablets.

Reasons Countermeasures

Data is clearly not correct or hard to find • Fix basic data issues ASAP.
• Create a coherent, accessible structure for the data so 

everybody can access it.

Analytics is perceived to be difficult and therefore not trusted 
(not everybody is a trained data scientist)

• Make proof of concepts simple and robust. Sometimes it is 
better to have an easy-to-understand algorithm instead of the 
optimal solution.

It is the big unknown • Do not only hire a handful of highly skilled analytics 
professionals but train the entire organization!

• Nominate digital champions that help spreading the 
knowledge and share show cases.

• Define clear strategy. Why, how, and what.

Clever stuff stays in the data science organization • Put the information into the decision-making process and 
tools. E.g., interface to clever stuff into your planning system. 
For example, multi echelon inventory optimization executed 
in the data science platform only adds value when it is used in 
your APS system.
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Digital transformation itself is not a goal. It is a tool to increase 
digital maturity and to build the digital capabilities to transform 
a business. It is not just about implementing new technologies. 
Leadership and culture play a pivotal role in a company’s 
successful transformation. But where to start, what to do?
The 8 must-do’s (not necessarily in order of importance) that 
must be addressed when transforming supply chain planning and 
forecasting processes:
1. Develop a digital vision 

Where do you want to go? What is the business objective 
that needs to be achieved? A nice example is the German 
Merck where self-driving operations is the main guiding 
principle in transforming the supply chain and operations 
function.

2. Establish a new business process 
Analytics is nice but it only starts adding value when it is 
used in a business process. Having nice predictive models 
only creates value when the output can be used by the 
planner in his/her day-to-day job. Select a business process 
to improve and start working from a specific use case or 
proof of concept. 

3. Embrace uncertainty 
Challenges, mistakes, and setbacks are part of the game 
when implementing new technologies. Accept that things 
can go wrong, but you will also see successes and triumphs 
that are beneficial. Make proofs of concept simple and 
robust, not fancy, and easy to break. 

5  Must do’s

4. Identify key technologies 
Digital transformation in planning is driven by technology. 
Make a careful selection of new technologies to be used. 
Focus on agility and responsiveness since technology will 
quickly change and new applications will arise.

5. Construct a talent pool 
Digital transformation is not only about technology. Humans 
play an important role, they must implement technologies, 
data, and analytics, make sure you onboard the right skill 
set to get the engine going. Take non-techies seriously, they 
must work with the output of the machine. Training and 
education are of eminent importance to get the most out of 
the human - machine interface.

6. Define a roadmap 
Changing your planning and forecasting infrastructure does 
not happen overnight, it requires a carefully constructed 
roadmap. Considering that projects might not deliver 
the expected output or technology, will change requiring 
recalibration.

7. Determine KPIs 
Track progress, not only in $ but also in other dimensions 
like learning, capability building and employer 
attractiveness.

8. Data, data, data 
Start collecting as of tomorrow!

Must do’s

Figure 16: Must-do!
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